
Text classification - Topic modelling
- Naive Bayes classifier - multi -set model (bag of words)
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- Semisupervised Approach

- label a small fraction of D
- Estimate PG) , P (Wilco )



- Assign fractional P (ejld) to each unlatched d
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fxpubahni Maximization .

- Unsupervised topic labelling
Generative model
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Work backwards .

Gwen D= {da . . > du} & k

Assign Cy , . - in to each DED as best we can

Example : D= {da , dads , dy , did k --
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] Goal
start with an initial estimate (p. , put freak sentence

- Assign a topic to each word
- fractional counts - p (cjld)
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Repeat until court stabilize
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Example
Customer complaints
what are they complain

abut ?

Unsupervised preprocessing
→

"Relevant interpretation
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